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Share of low-income people in Amsterdam neighbourhoods
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Aim of our research

To better understand the effect of spatial inequality on individual
socioeconomic status

- To operationalise residential context at multiple spatial scales
(from 100m by 100m grid cells up to areas W|th 10km radlus)

- To follow people over multiple years and model the effect of
residential context on individual income
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Exposure to spatial context at 101 scales
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Exposure to spatial context at 101 scales
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Exposure to spatial context at 101 scales
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Exposure to spatial context at 101 scales
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Share of low-income people in one residential location,
measured at 101 scales in 19 years
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Share of low-income people in one residential location,
measured at 101 scales in 19 years
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Share of low-income people in one residential location,
measured at 101 scales in 19 years
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Share of low-income people in one residential location,
measured at 101 scales in 19 years
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Billions of data points

585,000 populated cells
x 101 scales x 2 variables
x 15 years = 1.8 billion
data points

= 4 months continuous
calculations
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Reduced computing time on ODISSEI
Secure Supercomputer

585,000 populated cells 585,000 populated cells
x 101 scales x 2 variables x 101 scales x 3 variables
x 15 years = 1.8 billion x 19 years = 3.4 billion
data points data points

— 4 months continuous —> 1 week on 24 nodes
calculations
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Thank you!

Ana Petrovié, Delft University of Technology (a.petrovic@tudelft.nl)
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